This research examines the relationship between policy uncertainty and mergers and acquisitions (M&As). We find that policy uncertainty is negatively related to firm acquisitiveness and positively related to the time it takes to complete M&A deals. In addition, policy uncertainty motivates acquirers to use stock for payment and to pay lower bid premiums. Acquirers, on average, create larger shareholder value from M&A deals undertaken during periods of high policy uncertainty, which is attributable to their prudence as well as the wealth transfer from the financially constrained targets to acquirers.
Business media reported that the increase in policy uncertainty led to a decrease of more than 1 percentage point in the real gross domestic product (GDP) and the loss of over 1 million jobs in the United States during the period 2011-2012. 2 Given the far-reaching consequences of policy uncertainty, researchers and policymakers have been increasingly interested in investigating its effects on corporate behavior and firm value.
The relationship between uncertainty and corporate investments is unclear ex ante. Hartman (1972) , Abel (1983) , and Caballero (1991) argue theoretically that output price uncertainty may increase the investments of risk-neutral firms operating in perfect competition with a constant returns-to-scale production function and no irreversibility. However, other research argues that firms are likely to delay irreversible investments amid uncertainty (Bernanke (1983) , McDonald and Siegel (1986) , Dixit and Pindyck (1994) , Abel and Eberly (1994) , and Gulen and Ion (2016) ). Policy uncertainty can exacerbate firms' financial constraints and increase the cost of external financing (Greenwald and Stiglitz (1990) , Pástor and Veronesi (2013) , Gilchrist, Sim, and Zakrajšek (2014) , and Brogaard and Detzel (2015) ) and increase managerial risk aversion (Panousi and Papanikolaou (2012) ). However, no prior study has investigated the link between policy uncertainty and mergers and acquisitions (M&As), one of the most important forms of corporate investments. This research attempts to fill this gap by empirically investigating the relationship between policy uncertainty and M&As and its implications for shareholder value. 3 We examine the effects of policy uncertainty on firm acquisitiveness, the time it takes to complete the M&A deals, the payment consideration, and acquirer and target shareholder value. M&As are typically large and difficult-to-reverse investments. They also represent managers' discretionary risk taking and tend to increase the acquirers' default risk (Furfine and Rosen (2011), Phan (2014) ). Therefore, consistent with recent evidence documented in the literature, we predict a negative relationship between policy uncertainty and firm acquisitiveness. Moreover, from the real option perspective, firms are more likely to delay irreversible investments until some of the uncertainty is resolved (Bernanke (1983) , Dixit and Pindyck (1994) ). This observation suggests that even if the acquiring firms engaged in M&A bids, it would take them more time to complete the deals during periods of high policy uncertainty.
We use the policy uncertainty index developed by Baker, Bloom, and Davis (BBD) (2016) as a proxy for policy-related economic uncertainty to examine its effect on M&As. The BBD index is constructed based on the weighted average of three components: the frequency of newspaper articles containing key terms related to policy uncertainty, uncertainty about future changes in the federal tax code measured by the dollar impact of tax provisions set to expire in the near future, and the dispersion in economic forecasts of government spending and Consumer Price Index (CPI) as a proxy for uncertainty about future fiscal and monetary policy. possible opposing effects of policy uncertainty on acquirer shareholder value, we will need to sort them out empirically.
We examine the effect of policy uncertainty on both short-term and long-term acquirer shareholder value. We run cross-sectional regressions of the acquirers' 3-day cumulative abnormal returns (CARs) centered on the deal announcement day to capture the short-term effect of policy uncertainty on acquirer shareholder value. The regression results reveal a positive relationship between policy uncertainty and acquirer CARs. Because pursuing M&As is a firm decision rather than a random assignment, our cross-sectional regression results could be prone to the self-selection bias. Therefore, we employ the Heckman (1976) , (1979) 2-step selfselection correction model to address the self-selection bias concern, but we find robust results. The economic effect of policy uncertainty on acquirer shareholder value is also important. Our point estimates indicate that, holding other variables fixed at their sample means, a 1-standard-deviation increase in the BBD (2016) index value above its sample mean is associated with an increase of 70 basis points (bps) (i.e., 0.7%) or $31.4 million in an average acquirer's shareholder value. Our further analysis indicates that the positive effect of policy uncertainty on acquirer CARs is attributable to the acquirers' prudence with M&As and the value transfer from the financially constrained targets' to acquirers' shareholders.
We complement our short-term value analysis with an investigation of the effect of policy uncertainty on acquirer long-term stock and operating performance. We employ the buy-and-hold abnormal returns (BHARs) using the matched firmadjusted method suggested by Barber and Lyon (1997) and Lyon, Barber, and Tsai (1999) as a proxy for long-term stock performance. We use the long-term abnormal operating performance calculated based on the matched firm-adjusted method suggested by Barber and Lyon (1996) as a proxy for long-term operating performance. Our analysis indicates that acquirer long-term stock and operating performance is positively related to policy uncertainty, implying a positive relationship between policy uncertainty and acquisition synergies. Overall, our findings demonstrate that policy uncertainty not only reduces firm acquisitiveness or delays M&A deal consummation but also motivates acquirers to exercise a careful screening of acquisition targets and prudence with the acquisition terms, thereby creating value for acquirer shareholders.
There is a stream of literature that examines the effects of political uncertainty on corporate behavior (e.g., Julio and Yook (2012) , Jens (2017) ); however, it is worth noting that political uncertainty is different from policy uncertainty in a number of ways. Political uncertainty is typically associated with specific political events, such as presidential elections (Julio and Yook) or gubernatorial elections (Jens) . Gulen and Ion (2016) argue that although elections may be good exogenous indicators of uncertainty, they do not tell how policy uncertainty changes during these elections. Moreover, the election indicator variable used in empirical studies does not capture the variation in policy uncertainty between elections. On the other hand, policy uncertainty is broader and includes different types of uncertainty that are directly tied to policies. It is noteworthy that the BBD (2016) index spikes during events that are associated with high policy uncertainty, such as the Gulf Wars, the 9/11 attack, the 2011 debt-ceiling dispute, and battles over fiscal policy. We are interested in policy uncertainty because it can have a profound impact on important corporate decisions, such as those related to M&As, in a continuous fashion. To ensure that our findings are not confounded by the effects of political uncertainty, we perform additional analyses that explicitly control for political uncertainty, but our results are qualitatively unchanged.
Our research contributes to the literature in three important ways. First, our study adds to a growing stream of literature that examines the effects of policy uncertainty on corporate decisions (e.g., Bloom et al. (2007) , Gulen and Ion (2016) , and Baker et al. (2016) ). Our research focuses on the relationship between policy uncertainty and M&As, one of the most important forms of corporate investments, and further considers its effect on acquirer shareholder value. Second, our research highlights the negative effect of policy uncertainty on financially constrained firms' operations. Our evidence suggests that policy uncertainty weakens the bargaining power of financially constrained targets, resulting in a lower value for their shareholders. Finally, our research findings can have timely implications for policy and corporate decision makers, which can be particularly useful given the recent wide swings in policy uncertainty and its adverse effects on the real economy.
Our research is close to that of Gulen and Ion (2016) , who investigate the effect of policy uncertainty on capital expenditures. However, we focus on a different type of investment, M&As, which are typically large and readily observable. We further examine the implications of policy uncertainty for shareholder value, which suggests a channel through which policy uncertainty affects corporate investments. Our research is also related to that of Bhagwat, Dam, and Harford (2016) , who investigate the relationship between stock market volatility and M&A activities. However, we note that the variable of interest in our research is policy uncertainty proxied by the BBD (2016) index, whereas Bhagwat et al.'s variable of interest is stock market uncertainty proxied by the Chicago Board Options Exchange (CBOE) Volatility Index (VIX). Baker et al. (2016) point out that the BBD and VIX indices are different in measurement, time frame, and implications. In particular, the VIX index is constructed based on the implied volatility of 30-day maturity put and call options, whereas the BBD index is based on newspaper coverage, the future expiration of the federal tax code, and forecaster disagreements about future fiscal and monetary policies. Moreover, the VIX index is more related to financial and stock market events, such as the 1997 Asian crisis, the 1998 Russian crisis, and the 2002 stock market scandals, whereas the policy uncertainty index reflects more policy-relevant events. Finally, the VIX index is related to short-run financial uncertainty, whereas the BBD index tends to capture the long-run policy uncertainty.
The remainder of the paper is organized as follows: We present a description of the data and variables construction in Section II. Section III develops empirical predictions and discusses the research methods and results. Section IV presents robustness checks, and Section V concludes the paper.
II. Samples, Variables Construction, and Descriptive Statistics
We form the sample for our investigation of the relationship between policy uncertainty and firm acquisitiveness using the universe of firms included in the Compustat database. Following the literature, we exclude firms from the utility (Standard Industrial Classification (SIC) codes 4900-4999) and financial industries (SIC codes 6000-6999) from the analysis because these industries are highly regulated. We obtain accounting data from Compustat and stock price and return data from the Center for Research in Security Prices (CRSP) database. The M&A data are from the Platinum Database of the Securities Data Company (SDC). We merge Compustat data with the M&A data to form the full sample for M&A likelihood analysis. Following the literature, we filter out those M&A deals with values below $1 million and deal ratios, measured as the ratio of the deal value to the acquirer market capitalization, below 1% to form the M&A subsample for cross-sectional analysis.
We use the BBD index developed by Baker et al. (2016) to proxy for policy uncertainty, our test variable. Baker et al. construct the monthly policy uncertainty index as the weighted average of three components: a count of the news articles that contain uncertainty-related key terms, uncertainty about future changes in the federal tax code as measured by the dollar impact of tax provisions set to expire in the near future, and dispersion in economic forecasts of government spending and CPI as a proxy for uncertainty about future fiscal and monetary policy. These authors normalize each component and assign a weight of 1/2 for news-based, 1/6 for tax, and 1/3 for forecaster disagreement components. For our research purpose, we construct the policy uncertainty variable as the natural logarithm of the weighted average of the BBD index values of the last 3-month period of a fiscal year for a given firm. 4 The first component of the BBD (2016) index, the news-based uncertainty, captures the intensity of concerns about policy uncertainty. The news-based uncertainty is obtained from 10 large newspapers: USA Today, the Miami Herald, the Chicago Tribune, the Washington Post, the Los Angeles Times, the Boston Globe, the San Francisco Chronicle, the Dallas Morning News, the New York Times, and the Wall Street Journal. An article will be counted if it contains terms in all three categories related to uncertainty, the economy, and policy, as follows: "uncertainty" or "uncertain"; "economic" or "economy"; and "Congress," "legislation," "White House," "regulation," "Federal Reserve," or "deficit. " Baker et al. (2016) find that the news-based uncertainty increases with intense news coverage of events such as a stock market crash (Black Monday), the Gulf Wars, a terrorist attack (9/11), the Lehman Brothers bankruptcy, or the 2011 debt-ceiling dispute. Baker et al. (2016) estimate the level of uncertainty related to future changes to the tax code by the discounted value of the revenue effects of all tax provisions set to expire over the next 10 years. The federal tax code provision expiration data are acquired from the Congressional Budget Office. Finally, these authors estimate the inflation and government purchase dispersion by computing the average of the interquartile ranges of CPI and federal, state, and local government spending forecasts. The fiscal and monetary policies data are obtained from the Federal Reserve Bank of Philadelphia's Survey of Professional Forecasters.
We report the annual and 2-digit SIC code industry M&A deal distributions of the M&A subsample in Panels A and B, respectively, of Table 2 presents the descriptive statistics of the full sample and the M&A subsample in Panels A and B, respectively. The full sample consists of 88,768 firm-year observations of 9,673 unique firms, and the M&A subsample has 6,376 firm-year observations of 2,950 unique firms. MARKET-TO-BOOK RATIO is the market value of assets, which is calculated as the market value of equity plus the book value of assets minus the book value of equity, divided by the book value of assets. BOOK LEVERAGE is the ratio of the book value of debt to the book value of assets. PAST 12 MONTH RETURN is the prior 12-month cumulative returns. AVERAGE SALES GROWTH is the average of the annual sales growth over the last 3 years. FIRM AGE is the number of years a firm appears in the Compustat database. Other variables are defined in the Appendix. The average BBD (2016) index values of the full sample (108.82) and the M&A subsample (113.08) are slightly larger than the value (100) reported by Baker et al. (2016) . The means of the previous 12-month cumulative stock returns, sales growth rate, market-to-book ratio, firm size, and firm age of the M&A subsample are higher than those of the full sample. Table 2 reports the descriptive statistics of the full sample and the M&A subsample in Panels A and B, respectively. POLICY_UNCERTAINTY is the weighted average of the Baker, Bloom, and Davis (BBD) (2016) index over the 3-month period at the end of a given year. SIZE is the natural logarithm of the book value of assets. MARKET-TO-BOOK_RATIO is the ratio of the market value of assets to the book value of assets. BOOK_LEVERAGE is the ratio of the book value of debt to the book value of assets. PAST_12_MONTH_RETURNS is the acquirer 12-month buy-and-hold stock return in the preceding year. AVERAGE_SALES_GROWTH is the average annual sales growth rate over a 3-year period. NONCASH_ WORKING_CAPITAL is the ratio of working capital minus cash, divided by the book value of assets. FIRM_AGE is the number of years a firm appears in the Compustat database. Other variables are defined in the Appendix. The sign of the effect of policy uncertainty on corporate investments is unclear ex ante. Hartman (1972) , Abel (1983), and Caballero (1991) argue theoretically that under strict assumptions of risk-neutral firms operating in perfect competition with a constant returns-to-scale production function and no irreversibility, output price uncertainty may increase investment. However, a growing stream of research suggests that uncertainty has a negative effect on corporate investments. Bernanke (1983) , Rodrik (1991) , and Dixit and Pindyck (1994) argue that if investment projects are irreversible, firms are more likely to delay them during periods of high uncertainty. Gulen and Ion (2016) show empirically that policy uncertainty has a negative effect on corporate investments. Policy uncertainty can also increase a firm's default risk and costs of capital (Pástor and Veronesi (2013) , Gilchrist et al. (2014) , and Brogaard and Detzel (2015) ) and induce managerial risk-averse behavior (Panousi and Papanikolaou (2012) ). M&As are one of the largest and most important corporate investments. In addition, M&As, on average, increase acquirer risk (Furfine and Rosen (2011), Phan (2014) ). Given the large capital commitment to and the irreversibility of M&A deals, we predict a negative relationship between policy uncertainty and a firm's acquisitiveness. Moreover, even if firms decided to pursue M&As in the first place, we expect that policy uncertainty would lengthen the time it takes acquirers to complete the deals.
We use the following probit model to investigate the relationship between policy uncertainty and firm acquisitiveness:
where M&A DUMMY is an indicator that equals 1 if firm i makes at least one acquisition announcement in year t, and 0 otherwise. PU is the policy uncertainty variable, which is measured as the natural logarithm of the weighted average of the BBD (2016) index over the last 3-month period of the preceding fiscal year. C is a vector of control variables. We follow the M&A literature in controlling for firm characteristics that have power in explaining firm acquisitiveness, including SIZE, MARKET-TO-BOOK RATIO, BOOK LEVERAGE, PAST 12 MONTH RETURNS, FIRM AGE, NONCASH WORKING CAPITAL, and AVERAGE SALES GROWTH over the last 3 years. We further control for common industry factors that could affect acquisitiveness by including industry fixed effects in the regressions.
5 Because all firms are subject to the same policy uncertainty at a given point in time, we cluster the standard errors in this and other following regressions by years. 6 The definitions of the variables are provided in the Appendix. Table 3 reports the estimation results of the M&A probit regressions. In column 1, the coefficient of PU is negative (−0.209) and statistically significant at the 5% level, indicating that firm acquisitiveness is negatively related to policy uncertainty. Using the coefficient estimates to calculate the economic effect of policy uncertainty, we find that, holding other variables unchanged at their sample means, a 1-standard-deviation increase in PU above its mean is associated with a 5.8-percentage-point decrease in acquisition probability, which is economically important given the sample's unconditional M&A probability of 23.71%.
Policy uncertainty is expected to have stronger effects on those firms that are more prone to the components of policy uncertainty (e.g., government Table 3 reports the M&A probit regression results. The dependent variable is M&A_DUMMY, which takes a value of 1 if a firm makes at least one M&A announcement in a given year, and 0 otherwise. PU is the natural logarithm of the weighted average of the Baker, Bloom, and Davis (BBD) (2016) policy uncertainty index over the 3-month period at the end of the preceding fiscal year. Other variables are defined in the Appendix. Industries dependent on government spending include defense, health care, engineering services, and heavy construction. Z -statistics based on heteroscedasticityrobust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. spending). 7 Therefore, we examine whether the negative effect of policy uncertainty on firm acquisitiveness is more pronounced for these firms. We use the data on government contracts, which are available from the year 2000, to estimate firms' sensitivity to government spending. Due to the large government contract data set and the lack of common identifiers between the government contractors and Compustat firms, we use the fuzzy matching method and company names to match government contractors with Compustat firms. We then sort firms into two subgroups based on whether their sales to the government in a given year exceed $1 million or not. 8 We rerun the M&A probit model separately for the two subgroups and report the results in columns 2 and 3 of Table 3 . The results indicate that the coefficient of policy uncertainty for the subgroup of firms with sales to the government exceeding $1 million is negative (−0.171) and highly significant, but the coefficient of policy uncertainty for the subgroup of firms with low or no sales to the government is not significantly different from 0. This evidence suggests that the negative relationship between policy uncertainty and M&A acquisitiveness is more pronounced for firms that are more prone to uncertainty related to government spending.
We acknowledge that using fuzzy matching based on company names to match government contractors with Compustat firms may underestimate a firm's sales to the government, particularly when a firm's subsidiary, whose name is different from that of the parent, is also a government contractor. To alleviate this concern, in a complementary analysis, we rerun the M&A probit model separately for firms in industries that tend to be more dependent on government spending, which include defense, health care, engineering services, and heavy construction (Baker et al. (2016) ), and for those in the remaining industries. The results reported in columns 4 and 5 of Table 3 indicate that policy uncertainty has a stronger negative effect on the acquisitiveness of firms in industries that are more dependent on government spending.
In another analysis, we further examine the effect of policy uncertainty on the value of M&A deals while controlling for acquiring-firm size, market-to-book ratio, financial leverage, GDP growth, yield spread, and CRSP value-weighted index returns. The results indicate a negative relationship between policy uncertainty and M&A deal value. Our calculation indicates that, holding other variables unchanged at their sample means, a 1-standard-deviation increase in the BBD (2016) index value above its sample mean is associated with a $30.1 million decrease in average M&A deal value (to save space, the estimation results are not reported but are available from the authors).
We investigate the effect of policy uncertainty on the time it takes to complete M&A deals by running the following ordinary least squares (OLS) model:
where TIME TO COMPLETION is the natural logarithm of 1 plus the number of years it takes for deal j of firm i from its announcement in year t to its completion. C is a vector of control variables, including SIZE, MARKET-TO-BOOK RATIO, BOOK LEVERAGE, PAST 12 MONTH STOCK RETURNS, FIRM AGE, AVERAGE SALES GROWTH, NONCASH WORKING CAPITAL, EXCESS CASH, STOCK DUMMY, CASH DUMMY, HIGH TECH DUMMY, DIVERSIFYING DUMMY, HOSTILE DUMMY, PUBLIC TARGET DUMMY, and CHALLENGE DUMMY. We use a subset of the full sample that includes only completed deals in this analysis. The estimation results reported in Table 4 indicate that the coefficient of PU is positive and statistically significant, suggesting that it takes the acquirers more time to complete the M&A deals amid policy uncertainty.
B. Policy Uncertainty, Payment Considerations, and Bid Premiums
Policy uncertainty can exacerbate firms' financial constraints and increase their default risk, leading to a higher cost of external financing. As a result, acquirers may find it more difficult and costlier to obtain external funds to support payment for M&A deals. In addition, policy uncertainty can increase future cash flow volatility, thereby motivating firms to hold cash as a precautionary measure. Table 4 reports the OLS regression results of the time to completion of M&A deals. The dependent variable is the natural logarithm of 1 plus the number of years from an M&A deal announcement to its completion. PU is the natural logarithm of the weighted average of the Baker, Bloom, and Davis (BBD) (2016) policy uncertainty index over the 3-month period at the end of the fiscal year preceding the M&A announcement. Other variables are defined in the Appendix. t -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. These arguments suggest that acquirers will be less likely to exchange a highly liquid, less risky asset (i.e., cash) for the less liquid, riskier assets (i.e., target firms' hard assets) amid high policy uncertainty. Consistent with this proposition, we expect a positive (negative) relationship between policy uncertainty and stock (cash) payment. We estimate the following payment consideration probit model to examine the effect of policy uncertainty on the method of payment: where STOCK DUMMY is an indicator that equals 1 if the payment for M&A deal j of firm i is fully in stock, and 0 otherwise. C is a vector of control variables that include firm and deal characteristics. Because the proportion of stock payment for an M&A deal ranges from 0% to 100%, we further estimate the following Tobit model to gauge the effect of PU on the proportion of stock payment:
We report the estimation results of the payment consideration probit and Tobit models in columns 1 and 2, respectively, of Table 5 . The coefficients of Table 5 reports the regression results of the payment consideration probit and Tobit models in columns 1 and 2, respectively. The dependent variable of the probit model is STOCK_DUMMY, which equals 1 if the payment for an M&A deal is fully in stock, and 0 otherwise. The dependent variable of the Tobit model is the percentage of stock payment. PU is the natural logarithm of the weighted average of the Baker, Bloom, and Davis (BBD) (2016) policy uncertainty index over the 3-month period at the end of the fiscal year preceding the M&A announcement. Other variables are defined in the Appendix. Z -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. No. of obs. 6,376 6,376 Pseudo-R PU are positive in both columns (0.562 and 0.396, respectively) and highly significant. This evidence indicates that acquirers are more likely to use stock as M&A currency during periods of high policy uncertainty, which is consistent with our expectation. The signs and significance of other control variables are qualitatively similar to those reported in the literature. For example, MARKET-TO-BOOK RATIO and PUBLIC TARGET DUMMY (SIZE and FIRM AGE) are positively (negatively) related to the stock payment likelihood.
We turn next to the relationship between policy uncertainty and the bid premiums, which are measured as the percentage difference between the bid prices and the targets' stock prices 1 week before the deal announcements. Because policy uncertainty can increase the cost of capital and liquidity risk and exacerbate financial constraints, acquirers are expected to be more prudent with M&A deals, particularly with the bid prices. Moreover, acquirers can negotiate better M&A deal terms with targets whose operations are adversely affected by policy uncertainty and, thus, would be more willing to accept lower bid prices. These discussions suggest a negative relationship between policy uncertainty and the bid premiums. We run the bid premiums regressions on PU while controlling for other firm and deal characteristics, including SIZE, MARKET-TO-BOOK RATIO, BOOK LEVERAGE, PAST 12 MONTH STOCK RETURNS, FIRM AGE, AVERAGE SALES GROWTH, NONCASH WORKING CAPITAL, EXCESS CASH, STOCK DUMMY, CASH DUMMY (the mixed stock-cash payment is left out to avoid perfect collinearity), HIGH TECH DUMMY, DIVERSIFYING DUMMY, HOSTILE DUMMY, PUBLIC TARGET DUMMY, and CHALLENGE DUMMY (Officer (2003) , Dimopoulos and Sacchetto (2014) ). Columns 1 and 2 of Table 6 report the results of the bid-premium regressions with and without industry fixed effects, respectively. Consistent with our expectation, the coefficients of PU are negative (−0.462 and −0.483) and highly significant.
Because the bid premiums can depend on the acquirers' financial status, we additionally run the bid-premium regressions separately for financially constrained and unconstrained subgroups of acquirers. In particular, we sort acquirers with (without) Standard & Poor's (S&P) long-term credit ratings into the financially unconstrained (constrained) subgroup. Credit ratings are important for acquiring firms because they typically access the external capital market to raise funds to support M&A deals. The analysis results reported in columns 3 and 4 of Table 6 suggest that the relationship between PU and the bid premiums is negative and statistically significant (insignificant) for financially constrained (unconstrained) acquirers, implying that acquirers that lack access to the external capital market are more conservative with their bid prices during periods of high policy uncertainty.
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C. Policy Uncertainty and Acquirer Shareholder Value
We are interested in gauging the effect of policy uncertainty on acquirer shareholder value. Policy uncertainty poses external risk to firm operations in Table 6 reports the bid-premium OLS regressions. The dependent variable is BID_PREMIUMS, which is measured as the percentage difference between the bidding price and the target stock price 1 week prior to an M&A announcement. PU is the natural logarithm of the weighted average of the Baker, Bloom, and Davis (BBD) (2016) policy uncertainty index over the 3-month period at the end of the fiscal year preceding the M&A announcement. Other variables are defined in the Appendix. t -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. general and could complicate and amplify the risk of large investments such as M&As in particular, potentially leading to a decrease in acquirer shareholder value. However, as firms become more prudent and delay large and risky investments during periods of high uncertainty (Bernanke (1983) , Rodrik (1991) , Bloom et al. (2007) , Baker et al. (2016) , and Gulen and Ion (2016) outcomes, which implies a positive relationship between policy uncertainty and acquirer shareholder value. Given the possible opposing effects of policy uncertainty on acquirer shareholder value, we will need to sort them out empirically. We run cross-sectional regressions of the acquirer 3-day CARs centered on the deal announcement day. Acquirer CARs are estimated using the market model and the value-weighted CRSP index returns as a proxy for market returns. Following earlier studies (e.g., Harford (1999) , Moeller, Schlingemann, and Stulz (2005) , and Masulis, Wang, and Xie (2007)), we control for the following firm and deal characteristics in our cross-sectional regressions: SIZE, MARKET-TO-BOOK RATIO, BOOK LEVERAGE, EXCESS CASH, PAST 12 MONTH RETURNS, HIGH TECH DUMMY, CASH DUMMY, STOCK DUMMY, HOSTILE DUMMY, PUBLIC TARGET DUMMY, TARGET INDUSTRY M&A INTENSITY, and CHALLENGE DUMMY. The definitions of the variables are provided in the Appendix. It is possible that the CAR cross-sectional regressions are prone to self-selection bias because M&As are managers' decisions rather than a random assignment. To address the self-selection bias concern, we use the Heckman (1976) , (1979) 2-step self-selection correction model for estimation. Specifically, we include the inverse Mill's ratio (IMR), which is calculated using the coefficient estimates of the M&A probit model, as an additional control variable in some cross-sectional regression specifications.
We report the results of the acquirer CAR cross-sectional regressions in columns 1 and 2 of Table 7 . The coefficients of PU are positive (0.015) and statistically significant at the 1% level, indicating a positive relationship between policy uncertainty and acquirer shareholder value. The value effect of PU is economically important. Our point estimates indicate that, holding other variables unchanged at their sample means, a 1-standard-deviation increase in PU above its sample mean is associated with an increase of 70 bps (i.e., 0.7%), which is equivalent to $31.4 million, in acquirer shareholder value over the 3-day window centered on the M&A announcement day. The effects of other control variables on acquirer CARs are in line with those reported in the literature. For instance, we observe positive (negative) relationships between acquirer CARs and BOOK LEVERAGE, FIRM AGE, and CASH DUMMY (SIZE, MARKET-TO-BOOK RATIO, and PUBLIC TARGET DUMMY). Finally, our finding is not sensitive to the correction for self-selection bias.
It is worth noting that the level of policy uncertainty may change during the period from the end of the year preceding an M&A announcement to the actual announcement day. Therefore, in a robustness check, we run the acquirer CAR cross-sectional regressions with an alternative version of the policy uncertainty variable, labeled PU ANNOUNCEMENT, which is measured as the natural logarithm of the weighted average of the BBD (2016) index of the 3-month period preceding the M&A announcement day, and report the results in columns 3 and 4 of Table 7 . The coefficients of PU ANNOUNCEMENT are positive (0.007) and statistically significant, suggesting that our results are robust to this alternative measure of policy uncertainty.
In addition to the acquirers' prudence with M&As, another possible explanation for the positive relationship between policy uncertainty and acquirer shareholder value around the deal announcements is the value transfer from the Table 7 reports the acquirer CAR cross-sectional regressions. The dependent variable is the acquirer 3-day CARs centered on the M&A announcement day. PU is the natural logarithm of the weighted average of the Baker, Bloom, and Davis (BBD) (2016) policy uncertainty index over the 3-month period at the end of the fiscal year preceding the M&A announcement. PU_ANNOUNCEMENT is the natural logarithm of the weighted average of the BBD index over the 3-month period preceding the deal announcement. IMR is the inverse Mills ratio. Other variables are defined in the Appendix. t -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. Table 8 reports the target CAR cross-sectional regressions. The dependent variable is the target 3-day CARs centered on the M&A announcement day. PU is the natural logarithm of the weighted average of the policy uncertainty index over the 3-month period at the end of the fiscal year preceding the M&A announcement. The financially unconstrained (constrained) subgroup includes firms with (without) S&P long-term credit ratings. Other variables are defined in the Appendix. t -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. In an additional analysis, we run the target CAR cross-sectional regressions separately for financially constrained and unconstrained target subgroups based on the targets' S&P long-term credit ratings. The financially unconstrained (constrained) subgroup includes firms that have S&P long-term credit ratings (no ratings). The regression results reported in columns 2 and 3 of Table 8 indicate that the negative effect of PU on target shareholder value is statistically significant (insignificant) for financially constrained (unconstrained) targets, suggesting that policy uncertainty is particularly harmful for financially constrained target firms. 10 Next, we examine the effect of policy uncertainty on acquirer long-term stock performance measured by the BHARs using the matched firm-adjusted method (Barber and Lyon (1996) , Lyon et al. (1999) ). In particular, for each sample acquirer, we identify a matched firm in the same 2-digit SIC code industry that has a size within 70%-130% of the size of the sample firm, has not engaged in any M&A deal over the last 3 years, and has the closest market-to-book ratio to that of the acquirer. The BHAR is the difference between the buy-and-hold returns of a sample firm and that of the matched firm over the 1-, 2-, and 3-year periods following an M&A deal completion.
We run cross-sectional regressions to examine the effect of policy uncertainty on acquirer BHARs. Following the literature, we control for firm and deal characteristics including SIZE, MARKET-TO-BOOK RATIO, BOOK LEVERAGE, PAST 12 MONTH RETURNS, AVERAGE SALES GROWTH, FIRM AGE, CASH DUMMY, STOCK DUMMY, DEAL RATIO, DIVERSIFYING DUMMY, and CHALLENGE DUMMY. The BHAR cross-sectional regression results reported in columns 1-3 of Table 9 show that the coefficients of PU are positive (0.114, 0.109, and 0.149 for the 1-, 2-, and 3-year periods, respectively, following the deal completion) and statistically significant, suggesting that acquirer postacquisition long-term stock performance is positively related to preacquisition policy uncertainty.
The window of time from an M&A announcement to its completion could range from a few months to a couple of years, and the BBD (2016) index values may change significantly over the same period. Thus, in an alternative specification, we rerun the BHAR cross-sectional regressions with the PU COMPLETION variable, which is calculated as the natural logarithm of the weighted average of the BBD index over the 3-month period before the M&A deal completion, and report the results in columns 4-6 of Table 9 . The coefficients of PU COMPLETION are all positive (0.106, 0.102, and 0.140 in 1-, 2-, and 3-year BHAR regressions, respectively) and statistically significant, suggesting that our finding is robust to this alternative measure of policy uncertainty.
TABLE 9
Policy Uncertainty and Acquirer Long-Term Stock Performance Table 9 reports the acquirer BHAR cross-sectional regression results. The dependent variables are the acquirer 1-, 2-, and 3-year BHARs. PU is the natural logarithm of the weighted average of the Baker, Bloom, and Davis (BBD) (2016) policy uncertainty index over the 3-month period at the end of the fiscal year preceding the M&A announcement. PU_ COM-PLETION is the natural logarithm of the weighted average of the BBD policy uncertainty index over the 3-month period preceding the deal completion. Other variables are defined in the Appendix. t -statistics based on heteroscedasticityrobust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. To gain insight into the drivers of the positive relationship between policy uncertainty and acquirer BHARs, we examine the link between policy uncertainty and acquirer operating performance. We measure an acquirer's operating performance by its long-term abnormal operating performance (ABN OP), which is estimated using the matched portfolio-adjusted method (Barber and Lyon (1997) ).
Specifically, we identify a matched portfolio of control firms for each sample firm. The matched portfolio includes firms in the same 2-digit SIC industries that have not been involved in any M&A deal over the last 3 years, have a pre-merger book value of assets within the range of 70%-130% of the sample firm's book value of assets, and have pre-merger return on assets (ROA; the ratio of the net income to the book value of assets) within 90%-110% of that of the sample firm. We then calculate the ROAs of the sample acquirer and the control firms in the year preceding the M&A announcement and in each of the 3 years following the M&A completion. We calculate ABN OP as the change in portfolio-matched ROAs of the sample firms from the year preceding the M&A announcement to each of the 3 years after the deal completion (i.e., a difference-in-differences measure). Table 10 reports the regression results for acquirer operating performance. The coefficients of PU in columns 1-3 are all positive (0.021, 0.030, and 0.043 in the first-, second-, and third-year ABN OP regressions, respectively) and statistically significant. In an alternative specification, we run the long-run operating performance regressions with PU COMPLETION and report the results in columns 4-6 of Table 10 . We find that our results are qualitatively unchanged with this alternative measure of policy uncertainty. Collectively, our evidence indicates that, on average, M&A deals completed during periods of high policy uncertainty have a positive effect on the acquirers' long-term operating performance. This finding implies that acquirers can obtain greater synergies from M&A deals pursued during periods of high policy uncertainty, perhaps due to their prudence in screening and selecting relevant acquisition targets.
IV. Robustness Checks
In this section, we run a battery of robustness checks (to save space, we report some of the results; the remaining results are available from the authors). Policy uncertainty tends to be countercyclical, and both policy uncertainty and M&As can be jointly correlated with unobservable factors, such as investment opportunities, which raises an endogeneity concern and potentially biases the coefficient estimates of the M&A probit model. To address this endogeneity concern, we use the IV probit model to reexamine the effect of policy uncertainty on firm acquisitiveness. Following McCarty, Poole, and Rosenthal (1997) , Poole and Rosenthal (2000) , and Gulen and Ion (2016) , we use the partisan polarization measure (POLAR) as an instrument for policy uncertainty. The partisan polarization measure is based on the DW NOMINATE scores developed by McCarty et al., which track legislators' ideological positions over time.
11 McCarty (2004) argues that partisan polarization makes it more difficult to build legislation, resulting in policy gridlock and greater variation in policy. In our research context, political polarization should be a valid instrument for policy uncertainty because it is directly Table 10 reports the results of the acquirer long-term operating performance (ABN_OP) cross-sectional regressions. The dependent variables are the acquirers' first-, second-, and third-year abnormal operating performance following M&A deal completion. PU is the natural logarithm of the weighted average of the Baker, Bloom, and Davis (BBD) (2016) policy uncertainty index over the 3-month period at the end of the fiscal year preceding the M&A announcement. PU_COMPLETION is the natural logarithm of the weighted average of the BBD policy uncertainty index over the 3-month period preceding the deal completion. Other variables are defined in the Appendix. t -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. related to policy uncertainty but unlikely to have a direct impact on a firm's acquisitiveness except indirectly through policy uncertainty. The first-stage results of the IV probit model estimation reported in column 1 of Table 11 show that the coefficient on the instrument is positive (0.435) and significant at the 1% level, confirming its relevance. The Kleibergen-Paap Table 11 reports the results of the 2-stage IV probit regression in columns 1 and 2 and the results of the second step of the 2-step error-in-measurement correction probit model in column 3. The dependent variable is M&A_DUMMY, which takes a value of 1 if a firm makes at least one M&A announcement in a given year, and 0 otherwise. RPU is the residuals from the regression of the U.S. news-based uncertainty measure on the Canadian news-based uncertainty measure and the country-level average TOBINS_Q, cash flows, 3-year average sales growth, and investment irreversibility measures. POLAR is a measure of political polarization of the U.S. Senate used as the instrument for policy uncertainty. Other variables are defined in the Appendix. Z -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. The results of the outcome regression reported in column 2 of Table 11 show that the coefficient of INSTRUMENTED PU is negative (−1.831) and highly significant, indicating that our findings are robust to endogeneity correction. In an unreported analysis, we further control for investment opportunities proxied by real GDP growth rates, expected GDP growth, the Conference Board's Leading Economic Index, and the Michigan Consumer Confidence Index in our M&A probit model, but our findings persist.
The BBD (2016) index may capture the effects of general economic uncertainty that potentially confound our finding of a negative relationship between policy uncertainty and firm acquisitiveness. We address this concern by controlling for several proxies for economic uncertainty suggested by Bloom (2009) in our M&A probit model. First, using the GDP forecast data from the Philadelphia Federal Reserve's Livingston survey, we calculate the coefficient of variation of GDP forecast as a proxy for expected economic growth uncertainty. Second, we estimate the annual cross-sectional standard deviation of firm profit growth as a proxy for future profitability variation, where firm profit growth is defined as the ratio of the change in net income to average sales. Third, we control for the uncertainty of the equity markets proxied by the monthly standard deviation of stock returns and the CBOE's VXO index of implied volatility. Finally, we control for an alternative measure of aggregate macroeconomic uncertainty suggested by Jurado, Ludvigson, and Ng (2015) . We augment our baseline M&A probit model with these five general economic uncertainty proxies, but our finding is qualitatively unchanged. In addition, to alleviate concern about collinearity between policy and economic uncertainty, we run a 2-step probit model to isolate the effects of policy uncertainty from those of economic uncertainty. Specifically, in the first step, we regress the BBD index on the five economic uncertainty variables and obtain the residuals. We then rerun the M&A probit model using these residuals as a proxy for policy uncertainty but find qualitatively similar results. Finally, we run a "kitchen sink" M&A probit regression that includes all five general economic uncertainty proxies and the four investment opportunity proxies discussed earlier, but our finding is qualitatively similar.
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Because policy uncertainty tends to be countercyclical, in the next analysis, we identify countercyclical and procyclical industries based on the asset liquidation values proxied by firms' sale cyclicality (Shleifer and Vishny (1992) , Sharpe (1994) , and Almeida and Campello (2007) ). We estimate the coefficient of the correlation between a firm's sales and the annual gross national product (GNP) over our sample period and calculate industry-level correlation coefficients as the average of the correlation coefficients of the firms in the same 2-digit SIC industry. We sort industries into the procyclical (countercyclical) subgroup if their correlation coefficients are above (below) the sample median. Then we rerun the M&A probit models separately for firms in each subgroup. If policy uncertainty captures the effects that are different from those captured by economic uncertainty, we expect the negative relationship between policy uncertainty and M&A acquisitiveness to hold for firms in the countercyclical industries. Consistent with our expectation, the estimation results indicate that policy uncertainty has a negative effect on the M&A acquisitiveness for firms in both industry subgroups and such effect appears to be even stronger for firms in the countercyclical industries.
14 To further distinguish the effects of policy uncertainty from those of economic uncertainty, we rerun our M&A probit model separately for the growth and recession periods, which are defined based on National Bureau of Economic Research (NBER) business-cycle data. If policy uncertainty simply picks up the effects of economic uncertainty, we expect the negative effect of policy uncertainty on M&A acquisitiveness to be significant (insignificant) during the recession (growth) periods. However, our unreported results indicate that the negative relation between policy uncertainty and M&A acquisitiveness is significant in both periods, implying that our results are not confounded by the effects of economic uncertainty.
Another potential issue with using the BBD (2016) index as a proxy for policy uncertainty is that it can capture the effects of other, nonpolicy-related factors, such as currency uncertainty or labor market variations, which raises an error-inmeasurement concern that could bias the estimation results of the M&A probit model. We address the error-in-measurement concern by using the 2-step regression approach. In the first step, we regress the measure of the news-based component of the U.S. BBD policy uncertainty index on the Canadian news-based uncertainty measure and the country-level average Tobin's Q, cash flows, average sales growth, and investment irreversibility measures. 15 We obtain the regression residuals (labeled RPU), which are the difference between the actual and the predicted U.S. news-based uncertainty measure. Given the close relationship between the U.S. and Canadian economies, the residuals from a regression of the U.S. news-based policy uncertainty measure on the Canadian one should be free from potential confounding effects of the macroeconomic forces common to both countries. We then rerun the M&A probit regressions with RPU in place of PU and report the estimation results in column 4 of Table 11 . The coefficient of RPU is negative (−0.002) and statistically significant. This evidence further corroborates our finding of a negative relationship between policy uncertainty and firm acquisitiveness.
Because the effects of policy uncertainty on acquisitions can go beyond the firm level, we further investigate the relationships between policy uncertainty and the number and value of M&A deals at the industry level. We run the industrylevel regressions with either the natural logarithm of the number of M&A deals or the natural logarithm of the aggregate M&A deal value for each industry in a given year as the dependent variable. The regressions control for industry value-weighted average market-to-book ratio, GDP growth, yield spread, and CRSP value-weighted index returns. The estimation results reported in Table 12 indicate that PU is negative (−0.682 and −0.747 in the number and value of deal regressions, respectively) and significant at the 1% level, suggesting that the negative effects of policy uncertainty on M&A activities extend beyond the firm level.
The BBD (2016) index is constructed based on the three components of news-based uncertainty, tax-related uncertainty, and fiscal and monetary policy uncertainty, but their effects on firm acquisitiveness may vary. The news-based Table 12 reports the results of the OLS regressions of the industry-level number of M&A deals and aggregate deal values. The dependent variables are the natural logarithm of an industry's number of M&A deals and the natural logarithm of the aggregate deal value in a given year in columns 1 and 2, respectively. PU is the natural logarithm of the weighted average of the BBD (2016) policy uncertainty index over the 3-month period at the end of the preceding fiscal year. MARKET-TO-BOOK_RATIO is the industry value-weighted market-to-book ratio. GDP_GROWTH is the annual growth rate of the GDP. Other variables are defined in the Appendix. t -statistics based on heteroscedasticity-robust standard errors clustered by years are reported in parentheses. *, **, and *** indicate significance at the 10%, 5%, and 1% levels, respectively. component is important because this component captures the uncertainty associated with all policy decisions, including those related to government spending, inflation, and tax. The fiscal and monetary uncertainty component can have a negative effect on firm acquisitiveness because it can affect the demand for firm output, capital supply, or the costs of capital, among others. However, by construction, the effect of the tax-related component on M&As is unclear or might even be positive. The reason is that the expiration of a tax code may effectively lead to higher business or personal tax rates, motivating firms to accelerate M&A deals before its expiration. For instance, the Bush tax cuts that were set to expire at the end of 2010 would effectively increase the federal capital gain tax rate from 15% to as high as 23.8% (including a surtax to support Obamacare). Given the tax increase, if a 100% equity-financed firm plans to sell itself for $100 million, the total capital gain tax increase incurred by its shareholders would be $880,000. To put it a different way, in order to achieve the same net proceeds after the expiration of the Bush tax cuts, the firm would have to sell for $111.15 million. Therefore, after the expiration of the Bush tax cuts, acquirers would have to pay higher prices to offset the increase in tax payment by the target shareholders, and/or the target shareholders would have to accept lower net proceeds. Another example is the provisions of the Protecting Americans from Tax Hikes (PATH) Act of 2015, which allow businesses with large investments to expense immediately 50% of some investment costs, leading to lower taxable income. Because these provisions are due to expire by the end of 2019 and their extension is uncertain, firms may have an incentive to accelerate asset acquisitions before these provisions expire.
To investigate the effect of each policy uncertainty component on firm acquisitiveness while avoiding a possible collinearity problem, we rerun the M&A probit model with each component of the BBD (2016) index separately and report the results in Table A1 in the Internet Appendix (available at www.jfqa.org). The results indicate that the news-based uncertainty and fiscal and monetary policy uncertainty have negative effects on firm acquisitiveness, whereas the uncertainty related to tax-code expiration has an insignificant effect on firm acquisitiveness. We further examine the effects of the three components of the BBD index on acquirer and target CARs separately and report the results in Table A2 in the Internet Appendix. The results indicate that all three policy uncertainty components have positive effects on acquirer CARs but negative effects on target CARs.
Previous research documents that political uncertainty is positively related to national elections and that this relationship has an important bearing on corporate decisions and asset prices. Bialkowski, Gottschalk, and Wisniewski (2008) and Boutchkova, Doshi, Durnev, and Molchanov (2012) report that firms operating in politically related industries tend to experience higher stock return volatility during presidential election periods. Using a sample that includes 248 national elections in 48 countries over the period 1980 -2005 , Julio and Yook (2012 document a negative effect of presidential elections on investments. To the extent that presidential elections introduce other types of uncertainty that are different from the policy-related one, our M&A probit estimation can be prone to the omittedvariable problem, potentially leading to biased coefficient estimates. Therefore, we control for the effect of presidential elections on firm acquisitiveness by augmenting the M&A probit model with an election indicator variable that takes a value of 1 for a presidential election year during the sample period, and 0 otherwise. Our unreported estimation results indicate that the coefficient of PU remains negative (−0.212) and significant at the 5% level, whereas the coefficient of the presidential election indicator is negative (−0.023) but statistically insignificant. We also rerun the CARs cross-sectional regression that additionally controls for the presidential election effects and find that the coefficient of PU remains positive (0.015) and significant at the 1% level, whereas the coefficient of the presidential election indicator is negative (−0.001) but statistically insignificant. Taken together, the evidence indicates that our findings are robust to controlling for presidential elections.
In another robustness check, we estimate the M&A probit model separately for financially constrained and unconstrained acquirer subgroups. We use the S&P long-term credit ratings to sort acquiring firms into financially unconstrained (with S&P long-term credit ratings) and constrained (without S&P long-term credit ratings) subgroups. The results reported in columns 1 and 2 of Table A3 in the Internet Appendix indicate that the negative effect of PU on M&A acquisitiveness is statistically significant for financially constrained acquirers. In contrast, the results indicate that financially unconstrained acquirers are more likely to pursue M&A deals during periods of high policy uncertainty. This evidence is consistent with the notion that financially constrained firms are more prudent with M&As during periods of high policy uncertainty, whereas financially unconstrained firms may perceive policy uncertainty as an opportunity to pursue acquisitions, perhaps for a bargain. We note that policy uncertainty exacerbates financial constraints, which can substitute for corporate governance in mitigating managerial discretion and overinvestment. To the extent that policy uncertainty can act as an external disciplinary force, we expect its positive effect on M&A performance to be stronger for acquirers with poor corporate governance. To explore this possibility, similar to previous research (e.g., Masulis et al. (2007) ), we use the index of Gompers, Ishii, and Metrick (GIM) (2003) , which measures the number of antitakeover provisions that a firm adopts, and blockholder ownership as proxies for external and internal corporate governance, respectively. GIM index values range from 0 to 24. A large (small) value for the GIM index is considered poor (good) corporate governance. A larger (smaller) blockholder ownership is considered good (poor) corporate governance. We include both the stand-alone measures of corporate governance and their interactions with policy uncertainty in the acquirer CAR model and rerun the cross-sectional regressions; however, the interaction effects are statistically insignificant, whereas the effect of policy uncertainty is virtually unchanged. In an alternative specification, we use the index of Bebchuk, Cohen, and Ferrell (BCF) (2009) in place of the GIM index. The BCF index is built based on the six most important antitakeover provisions, which are staggered boards, supermajority requirements for mergers, supermajority requirements for charter amendments, limits to shareholder bylaw amendments, poison pills, and golden parachutes, to proxy for managerial entrenchment. However, our findings are qualitatively similar. 16 We also reestimate the CAR cross-sectional regressions for financially constrained and unconstrained acquirer subgroups sorted on S&P long-term credit ratings. The results reported in Table A4 in the Internet Appendix indicate that PU has a positive effect on acquirer shareholder value for both subgroups, and such effect is more pronounced for financially constrained acquirers.
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Because all accounting data are available on an annual basis, we perform analyses using annual data. For a robustness check, we rerun the M&A probit model using quarterly M&A and accounting data and employing the regression specifications similar to equation (1). M&A DUMMY is an indicator that equals 1 if a firm makes at least one acquisition announcement in a given quarter, and 0 otherwise. A firm's accounting variables are measured at the end of the quarter preceding the M&A deal announcement. Our unreported estimation results indicate that the coefficient of policy uncertainty is negative (−0.241) and significant at the 1% level, implying that the negative relationship between policy uncertainty and M&A acquisitiveness is robust to quarterly data.
Finally, because policy uncertainty adversely affects firm acquisitiveness, we are interested in tracking the evolution of the effect of policy uncertainty on firm acquisitiveness by running 24 separate M&A probit regressions, corresponding to lags 1-24 of policy uncertainty, and plot the coefficients of policy uncertainty in Figure 1A in the Internet Appendix. The graph indicates that the negative effect of policy uncertainty on firm acquisitiveness weakens over time but persists for up to 4 years, which is approximately 1 year longer than its effect on capital expenditures as reported by Gulen and Ion (2016) , perhaps due to the large capital commitment to and the riskiness of M&A deals.
V. Conclusions
Policy uncertainty is an important factor that firms take into account when they make investment decisions. This research investigates the relationship between policy uncertainty and M&As, an important form of corporate investments. Using the BBD (2016) index as a proxy for policy uncertainty, we find robust evidence of a negative relationship between policy uncertainty and firm acquisitiveness. Even if firms decide to pursue M&A deals in the first place, it takes them longer to complete the deals during periods of high policy uncertainty. Acquirers are also more prudent with their payment for M&A targets, as evidenced by their preference for stock payment and lower bid premiums. However, M&A deals undertaken during periods of high policy uncertainty appear to improve acquirer operating performance and create greater shareholder value, findings that are attributable to acquirer prudence as well as the value transfer from financially constrained targets to acquirers. Finally, we find that policy uncertainty has negative effects on both the number and the aggregate value of M&A deals at the industry level, indicating the far-reaching consequences of policy uncertainty.
Appendix. Variable Definitions
AVERAGE SALES GROWTH: Average annual sales growth over the last 3 years. Source:
Compustat. BOOK LEVERAGE: The ratio of the book value of short-term and long-term debt to the book value of assets. Source: Compustat. CAR: The cumulative abnormal stock return over the window (-1, +1) centered on the M&A announcement day. Source: CRSP and SDC Platinum. CASH DUMMY: An indicator that equals 1 if an M&A deal is fully funded by cash, and 0 otherwise. Source: SDC Platinum. CHALLENGE DUMMY: An indicator that equals 1 if the acquirer's offer is challenged by a competing offer, and 0 otherwise. Source: SDC Platinum. DEAL RATIO: The ratio of M&A deal value to an acquirer's market value of equity measured 4 weeks before a deal announcement. Source: SDC Platinum. DIVERSIFYING DUMMY: An indicator that equals 1 if the acquirer and target belong to different 2-digit SIC code industries, and 0 otherwise. Source: Compustat. EXCESS CASH: The difference between expected cash holding and realized cash holding.
Source: Compustat. FIRM AGE: Number of years that a firm appears in Compustat. Source: Compustat. HIGH TECH DUMMY: An indicator that equals 1 if an acquirer's 4-digit SIC code is equal to 3571, 3572, 3575, 3577, 3578, 3661, 3663, 3669, 3671, 3672, 3674, 3675, 3677, 3678, 3679, 3812, 3823, 3825, 3826, 3827, 3829, 3841, 3845, 4812, 4813, 4899, 7371-7375, 7378, or 7379 , and 0 otherwise. Source: Compustat. HOSTILE DUMMY: An indicator that equals 1 if the M&A deal is a hostile takeover, and 0 otherwise. Source: SDC Platinum. 
IMR:
The inverse Mill's ratio, calculated using the M&A probit estimates. Source: Compustat and SDC Platinum. M&A DUMMY: An indicator that equals 1 if a firm makes an M&A announcement in a given year, and 0 otherwise. Source: SDC Platinum. MARKET-TO-BOOK RATIO: The ratio of the market value of assets to the book value of assets. Source: Compustat. NONCASH WORKING CAPITAL: The ratio of (working capital -cash) to the book value of assets. Source: Compustat. PAST 12 MONTH RETURNS: The buy-and-hold 12-month stock return of the year preceding an M&A announcement. Source: CRSP. POLICY UNCERTAINTY: The natural logarithm of the weighted average of the BBD (2016) index over the 3-month period at the end of a year. PUBLIC TARGET DUMMY: An indicator that equals 1 for a publicly listed target, and 0 otherwise. Source: SDC Platinum. SIZE: The natural logarithm of the book value of assets. Source: Compustat. STOCK DUMMY: An indicator that equals 1 if the payment is fully in stock, and 0 otherwise. Source: SDC Platinum. TARGET INDUSTRY M&A INTENSITY: The ratio of target book value of assets to the sum of total assets of all firms in the same 2-digit SIC code industry and year. Source: Compustat and SDC Platinum. TOBINS Q: (Book value of assets − book value of equity + market value of equity − deferred taxes)/book value of assets. Source: Compustat.
